2023 _AAAIl_Multi-relational Contrastive Learning Graph Neural Network for Drug-drug Interaction Event Prediction
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Heterogeneous Graph Convolution
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2021 _ACL_Directed Acyclic Graph Network for Conversational Emotion Recognition

DAG-ERC Layers
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Figure 3: The framework of Directed Acyclic Graph Neural Network for ERC (DAG-ERC).



2022 ACL_DARER: Dual-task Temporal Relational Recurrent Reasoning Network for
Joint Dialog Sentiment Classification and Act Recognition
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Table 2: All relation types in SATG (assume there are

two speakers). /. (i) indicates the speaker node ¢ is
from. pos(i, 7) indicates the relative position of node i
and j.
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Figure 2: An example of SATG. uy, uz and u5 are from

speaker | while us and w4 are from speaker 2. w.l.o.g,

only the edges directed into 13 node are illustrated.
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AAAI 2022 Heterogeneous Graph Neural Networks for Keyphrase Generation
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where e;; is the embedding of edge feature, «;; is
the attention weight between h; and h;, and u; is
the aggregated feature. For simplicity, we will use
GAT (H.H, H, E) to denote the GAT aggregating
layer, where H is used for query, key, and value,
and E is used as edge features.



AAAI 2022 DDGCN: Dual Dynamic Graph Convolutional Networks for Rumor Detection on Social Media

Dual-Dynamic GCN Module

A single Dual-Static GCN unit
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2022 _SIGIR_Graph Adaptive Semantic Transfer for Cross-domain

Sentiment Classification
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